Minimizing hallucination in Histogram of Oriented Gradients
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While normalization
step is crucial for
obtaining good
performance on HOG
(DALAL CVPRO5), it
produces an
hallucination effect
on hon-textured
patches.

Extra bin calculation

1. Compute HOG signature from randomly
sampled patches from the Dataset
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2. Generate a distribution of § where
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3. Fit two Gaussian models using Expectation

Maximization and find the intersection

Experimental results

Person re-identification
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