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Intermittent and Correlated Client Availability

1. Understanding the effects on FL training

2. Client sampling and aggregation strategies
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The effect of Intermittent Availability
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The effect of Intermittent + Correlated Availability

• Propose a client aggregation strategy that minimizes
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Client sampling and aggregation strategies

B. Exclude clients with low availability      and large correlation
A. Some clients can be excluded from training, i.e., receive

C. Assign aggregations                        to the included clients
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• Population of K=24 clients, divided in:
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Experimental setting



• We compare CA-Fed with the Unbiased baseline

15

Experimental results

CA-Fed excludes clients from training without performance drop
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Thank you for your attention!


